Using neural network for the sales prediction of domestic cars
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ABSTRACT
Automotive industry is one of the important manufacturing industries in Taiwan, and it is high related to other industries, and can
push the related industries to upgrade. Thus, the development of automative industry is the important index of country’ s industry
level, so it is also called the railway engine. The popular predict method of automotive industry is simple linear regression analysis.
Although most of them take micro and market environment into consideration, the accuracy could be improved. Thus, to construct
the prediction frame of the automotive market, including complete explanatory variables in order to enhance the predict method
and be the reference for the enterprises and government proposing statistics, is the major motivation of this research. This study
based on literary reviews and domestic automotive industry sales statistics during 1988~2006 BPNN proposes two conversion
function, i.e. logsig and Tansig BPNN uses the previous as input to sixteen periods predict the current sales revenue The case is run
through Matlab and MSE is used to judge the standard of internet termination After that,we summarize the actual predict
performance. We compare the predict value to the estimation of linear regression analysis, and use MAPE as the evaluation of
internet prediction, and then choose one with smallest errors as the best predict model. Conclusions show that the value of using
BPNN with two conversion functions is better, and the value of Logsig is better than that of Tansig’ s This proves that BPNN is the
best method for this thesis, and is better than simple linear regression analysis.
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