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ABSTRACT
Numerous methods are employed in stock market forecasting. These methods are classified as either technical analysis or
fundamental analysis. Fundamental analysis may change because of different times and market environments, and is unable to
conclude a constant explanation and research. Therefore, this study is conducted by technical analysis. In respect of short-/mid-term
trading, KD is a popularly accepted indicator and is suitable for investors’ short-term trading. In recent years, as a result of
enhancement of computer capability and the acceleration of data processing, quantitative analysis using application of neural
networks to process information has been developed. The indicator KD paired with neural networks creates a new tool for individual
investors to break down the myth of stock price level. The TSEC Capitalization Weighted Stock Index compiled by the Taiwan
Stock Exchange Corporation, the GTSM Index compiled by the GreTai Securities Market and close prices of each trading day of
individual stocks listed on TSE and GTSM for the period from January 3, 1991 to April 30, 2006 are collected as original data. Two
time periods, a bull market and a bear market, are defined for comparison. In the data, testing periods from September 28, 2005 to
April 30, 2006 is classified as the bull market and the period from March 29, 2004 to October 19, 2004 is classified as a bear market.
The weighted index and representative individual stocks for each sector are the subjects for comparison. Next, the buy/sell point of
the learned neural network KD is compared with the buy/sell point of the original KD. It is found that the neural network KD is
more profitable than the original KD and each subject shows a positive profit, which indicates that neural network KD is much more
practical than the original KD.
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