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ABSTRACT
According to the information announced by Council of Labor Affairs can found that the occupational accident of construction
industry is always far beyond all the other trades.It would cause injury and death if the labor himself suffered from occupational
accident. Moreover, property of enterprise lost and percentage of scheduled lag behind would give rise to a lot of serious problems.
Therefore, this study arrange related feature of the sufferers and occupational accident type through Sequential Forward Selection
(SFS) selecting the combination of feature factor that is the most influential to accident type. At the same time, it would take Support
Vector Machine (SVM) as a tool to build a predictable model of accident type of construction industry. The result of this study
indicated that age and working experience are the most important personal features to discriminate among all the accident type
under the combination of key feature that selected by SFS with SVM. In terms of the predictable model in occupational accident,
both of the DAG and One-against-one have significant performance in classification. And the result of two multi-class SVM with
feature selection is not only decrease the dimension of input space but also keep the performance of classification on better level.
Overall, the predictable model which is built by two methods could be referred to labors and enterprises for preventing occupational
accident. Finally, this study expected it would effectively reduce occupational accident of construction industry.
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