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ABSTRACT
In the prediction which invested in the subject matter in the past, study and regard linear view as setting out in majority, but still
there are a great deal of restrictions to the materials data, so the study is trying to use non-linear view as initial conception. Then
apply Back-Propagation Neural Networks, the time serious point of Back-Propagation Neural Networks which use the variable from
Granger-causality test and put GARCH variable into Back-Propagation Neural Networks. The purpose of this study is applying
neural network in prediction of Single National Equity Funds net asset value. The result confirmed that with Granger’ s variable of
test Back-Propagation Neural Networks would the best to prediction. As to the national prediction, Taiwan is the best, secondly and
thirdly are Singapore and Korea. Hong Kong is the worst. And the Single National Equity Funds net asset value of four countries is
influenced by different variables. For instance, the fund net value of Taiwan is influenced by Consumer Price Index, Industrial
Production Index, Stock Index, unemployment rate and Interest Rate. It is easier influenced by Exchange Rate, Money Supply,
Stock Index and Consumer Price Index in Hong Kong. It is easier influenced by Exchange Rate, Industrial Production Index, Stock
Index and Consumer Price Index in Singapore. And finally it is easier influenced by Consumer Price Index, Exchange Rate, Interest
Rate, Stock Index and Unemployment Rate in Korea. Therefore, investor has to deal with it carefully when investing.
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