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ABSTRACT
Abstract Most diet consulting systems used the nutrition aspects as the main design factors and the requirement of tastes are often
ignored. In fact, everybody’ s taste preferences are different. The meals that fit the requirement of nutrition standard can’ t satisfy
everybody’ s in terms of taste preferences. In order to satisfy the senses of taste, a researcher through a method use fuzzy reasoning
method to analyze fuzzy and undetermined data, such as personal sense of tastes and to make a reasonable conclusion. However, this
method may cause errors when systems handling with unknown data. Hence, our proposed system focuses on this situation. At first,
our proposed system determines the fuzzy language variables, which are affecting factors of sense of taste. Using two kinds of the
determining method on the different affecting factor pair, the proposed system determines the different affecting factor pairs. Then,
the proposed system verifies the suitability of the affecting factor pairs according to the experimental results. Besides, the proposed
system plus a self-learning ability of the diet consulting systems. According to results of one affecting factor pair within different line
ranges, the system automatically produces the rule-based matrix used in fuzzy similar reasoning. After all, the system proceeded the
fuzzy reasoning and compares similarity of the result obtained from the proposed system and the result obtained from the
questionnaire. After experiment verification, the calorie per unit - total meat weight pair is the optimal affecting factor pairs among
this study proposed eight affecting factors selected from the database. The eight affecting factors are amount caloried amount of
cooking oil and flavor oildJ amount of fat of cooking materialsC amount meat weight[] amount calorie per unit] amount of cooking
oil and flavor oil per unitC) amount of fat of cooking materials per unit and amount meat weight per unit. This affecting factor pair in
different range line process the fuzzy reasoning. And the experimental result shows that using this affecting factor pair in 10-range
line can obtain the maximum degree of accuracy of training set 78.3% and the maximum degree of accuracy of the testing set
72.5%. In repeat experiment, the average degree of accuracy of training set is 74.25 % and the average degree of accuracy of testing
set is 69.25%. These results show that using 10-range line is the optimal solution. The proposed system is able to find the optimal
affecting factor pair of the sense of taste, and this system can reduce the manual intervention and mistakes and make the fuzzy
inference more efficient to select the menu that fits the humanization requirement of the interviewed person. Besides, the proposed
can increase the ability of the diet consulting systems to make a menu that fits the humanity requirement. Methods of analysis and
learning and inference ability not only can be used in food advice system, but also in different domains, ex: in bioinformantion.
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