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ABSTRACT
To enhance the international image as well as to finance with much more flexibility, the public listing firms in Taiwan tend to
finance abroad. A variety of financing tools are used, making the price fluctuation correlated across countries. The American
Depository Receipt (ADR) is one of the accesses to the foreign capital. This paper investigates the prices relationship between the
ADR and its underlying stock. The research period is from the ADR listing dates through December of 2002. Applying the
exchange-rate-adjusted ADR prices from the ADR listing dates through November 30, 2002 as the exogenous input variables of
Grey Relational Analysis, | construct a GM(1,2) to predict the prices of the ADR underlying stocks from December 1, 2002 through
December 31, 2002. Another methodology, the Back-Propagation Neural Network is also applied to predict the prices of the ADR
underlying stocks. The input variables are the ADR prices and the exchange rate and the output variable is the prices of the ADR
underlying stocks. The empirical result shows that the current prices of the ADR underlying stocks are well predicted by the
exchange-rate-adjusted ADR closing prices of the previous day. Both the Grey Prediction GM(1,2) and the Back-Propagation Neural
Network show a robust forecast.
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