A study of Equity Style Classification with Neural Networks
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ABSTRACT
Mutual funds and common stocks have become the major investment tools for investors. Since there are many financial assets, a
good investment style classification scheme is important in that it can guide investors to choose the underlying assets that are
matching their preference. For its plasticity and stability on learning, Adaptive Resonance Theory (ART) network may be suitable
for complicated classification problem. This study adopts ART2 network to classify investment style for common stocks in the
Taiwan market. The suitability of applying ART2 in equity style classification and the performance of portfolio with different styles
are examined. Using ANOVA analysis and Spearman correlation analysis, we find that ART2 is suitable for equity style
classification. Investments with different styles indicate different performance and degree of persistence in performance. However,
such differences are varying over time. For the sample period, we find no specific investment style can outperform other investment
styles consistently.
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